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Difference between Correlation and Causation
Correlation is a relationship between two variables whereby when one variable changes, the other variable also changes. On the other hand, Causation is when there is a real-world explanation for why this is logically happening, implying a cause and effect. It also means to cases where one action causes an outcome (Verhulst et al., 2012). Therefore the relationship between the two is Causation is a correlation with a reason the two appear to be closely associated with one dependent on the other.
Correlation occurs when there is a level of connection, or rather an association between two variables. Causation implies the effect for which party A may result in B. A decision to arrest accused persons may result from a crime occurring in the community. This is Causation. However, when the crime becomes too much leading to police brutality, this may be referred to as correlation which involves a long step-by-step explanation.
In testing causation, effect and cause as two variables that are associated. Without causality in a robust analysis, doing so can lead to a positive where causal relationship seems to have taken place. Still, in the real sense, it is not there. This occurs if the relationship between the dependent and an independent variable is not extensively tested. According to Verhulst et al. (2012), wrong positives generate product insights because they can mislead you about the link between significant development and behaviors. For instance, without rigorous testing, one can risk basing important product decisions on the wrong user behavior, thinking he knows the specific key activation events that result in long-term user retention. 
In a relationship and differentiating the two variants, you find a correlation you can test for Causation by running experiments that control the other variants and measure the difference. Such experiments can be used to measure the Causation includes hypothesis testing and A/B/n investigations. The hypothesis experiments include HO and H1, whereby one can also have a secondary and tertiary hypothesis (Verhulst et al., 2012). In this testing, the null hypothesis is the opposite of the primary theory because the quick view cannot be 100% proven. 
The primary hypothesis points to the relationship being researched and identifies an independent and dependent variable by creating H1 to identify the opposite and use it for your H0. This determines the relationship between the dependent and independent variables using the impact of in-app social features on retention. For example, the independent variable will be joining the community, and the dependent variable will be retention. These tests develop an equation that accurately reflects the relationship between your expected cause and effect. Therefore, hypothesis testing is functional when you try to identify whether the relationship exists between two variables rather than looking at the evidence.
Secondly, A/B/n also brings one from correlation to Causation, like taking each of the self-variables, changing one of them, and then waiting for the result. If the results vary with the same trend, then the change is the variable that makes the difference. In an example of this experiment, you test it after getting the model that works better for you. Prioritize the input variable and increase it at the expense of supplementing it with something else, and in this, the users may be successful (Lee, 2012). If the result shows a big difference in the success matrix, you are on to something, and a lousy model may be experienced if the difference is negligible. On the other hand, you have to eliminate all other variables that may influence the outcome if you come to make a case of joining communities that lead to higher retention rates, which means that retention may be ultimately affected by the users who could have taken a different path.
According to Lee (2012), causation is tested by finding out the direct link between users joining communities and using the long-term app. users are split into groups where some are forced to join communities when they sign up. The A/B/n experiment is used when comparing the impact of different variables, for instance, comparing how different strategies perform based on characteristics such as copy variation, additional graphics, using third-party apps, and the reduction of numbers in the sign-up form. Therefore, we compare metrics like drop-off rate, conversion, and retention after running multiple products onboarding variations.
On the other hand, we test the reasonable correlation for sustained product growth through Causation, which is identified. Causal is only seen in events that seem not to connect based on common sense where you can prove a clear and direct connection that when you causal can be experienced (Lee, 2012). Arguably, correlation does not mean Causation, even if they both exist at the same time. As I sum up, prioritizing is an effort for user engagement and retention are experienced with the adept of identifying accurate correlation.
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